obooooooOooo 13750 20040 49-60

Approximating Vertex Cover on Dense Graphs
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Abstract

Although many problems in MAX-SNP admit a PTAS for dense graphs, that is not the
case for Vertex Cover, which is MAX-SNP hard even for dense graphs. This paper presents
a randomized approximation algorithm for Vertex Cover on dense graphs which is probably
optimal: Let € = d/A where d and A are the average and maximum degrees of a given graph
G. G is said to be dense if its d is (n). (i) Our algorithm achieves an approximation factor of
2- 1—:‘:75 for dense graphs, which improves the best-known bound by Karpinski and Zelikovsky.
(i) It achieves the same factor for a wider range of graphs, ie., for the graphs whose Ais

log 1
Q(n—g—g-—°l°:n").

1 Introduction

It is often true that although there is no good algorithm for general instances, there does exist
an excellent algorithm for an important subclass. A typical example of such a subclass is dense
graphs with an average degree of Q(n). Recently, it has been shown [1] that a variety of NP-hard
optimization problems, such as Max Cut and Steiner Tree, admit polynomial time approximation
schemes (PTASs) for dense graphs, while the existence of such schemes for general instances of
these problems would imply P = NP.

Dense graphs obviously constitute an important subclass since, information theoretically, al-
most all graphs are dense. Therefore we are naturally interested in whether or not other popular
optimization problems, like Vertex Cover, have a similar property. Unfortunately, it is highly un-
likely that Vertex Cover has a PTAS for dense graphs since the problem is still MAX-SNP hard for
dense instances [4]. Nevertheless, it is an interesting question whether or not Vertex Cover can be
approximated within a factor of o which is significantly smaller than two. The reason is much the
same as before: For general instances, whether or not Vertex Cover has a (2 — ¢)-appraximation
algorithm is one of the major open questions and many researchers conjecture negatively. Karpinski
and Zelikovsky [10] affirmatively answered this question with the algorithm whose appraximation

factor is m where d is the average degree of the given graph. Unfortunately, however, this

approximation factor quickly approaches to 2.0 while density decreases; it remains unanswered
whether it is possible to take more substantial advantage of the density condition.

Our Contribution. Against this curiosity, this paper answers positively. Let € = d/A. We
present a randomized approximation algorithm which, with high probability, yields an approxima-
tion factor of 2 — 13575 and runs in polynomial time if Ais Q(nlﬁﬁ)%gl‘-). Thus the algorithm is
quite attractive when ¢ is close to one. For example, it appraximates within a factor of 1.334 if
the graph is regular, which remains true even for “quasi-dense” graphs whose degree is sub-linear
in n (but the computation time increases within polynomial). We can achieve a similar factor for
random graphs if they satisfy the same density condition. Note that the approximation factor of
the previous algorithm [10] gets close to 2.0 even for regular graphs if their density decreases.
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Our algorithm depends on the same basic idea as the previous one by Karpinski and Zelikovsky
[10]. Although it includes nontrivial extensions using recursion and randomization, the technique
itself is fairly standard. Even so, our algorithm is probably optimal as mentioned above, which
would indicate that it is relatively easy to take full advantage of the density condition in the case
of Vertex Cover. This finding is another important contribution of this paper.

Previous work. For general Vertex Cover, finding any maximal matching in the given graph
and choosing the all vertices in the matching yields a factor-2 vertex cover. However, no approxi-
mation algorithm of factor 2 — £ is known for any constant € > 0. The current best approximation
algorithm was found by Halperin [7] whose approximation factor is 2 — 218182 And all the known
algorithms’ approximation factor converge to 2 when |V| is sufficiently large.

However, for the restricted version of the problems, many good approximation algorithms exist.
For graphs whose maximum degree is bounded by A, Hochbaum [9] presented 2 — £ factor using a
coloring method. Exploiting Halldésson and Radhakrishnan’s [6] approximation algorithm for the

Independent Set problem, one can obtain factor of 2— 1—"&2'0;9. Using semidefinite programming,
Halperin [8] asymptotically improved these results by presenting an approximation algorithm of
factor 2 — (1 — o(1))2124 For small A, Berman and Fujito (3] achieved a factor of 2 — 1—5@ For
planar graphs this problem admits PTAS [2]. Karpinski and Zelikovsky [10] showed that there is
an approximation algorithm of factor 2/(2 — /1 —€) for dense graphs. They also showed that for
everywhere-dense graphs, i.e., for graphs whose minimum degree is at least £|V'|, we can obtain an
algorithm of factor 2/(1 + ¢).

For the negative direction, Hastad [8] showed that it is NP-hard to approximate Vertex Cover
within a factor of less than 7/6 = 1.1666. Dinur and Safra [5] improved this lower-bound to
10/5 — 21 = 1.3606. Even for graphs whose maximum degree is bounded by A > 3, this problem is
still APX-complete and for large A it is NP-hard to approximate within 7/6 [4]. In [4], it is shown
that Vertex Cover is Max-SNP hard (and hence does not have a PTAS) even for dense graphs. As a
most recent result, Khot and Regev [11] showed that, if a certain conjecture about the PCP theory
is true, we can prove the nonexistence of 2 — € factor approximation algorithm for Vertex Cover.

2 Notation and Basic Ideas

The Minimum Vertez Cover problem (MVC) is, for a given graph G = (V, E), to obtain a set
C of vertices (called a vertex cover) such that (i) C contains at least one endpoint of every edge
and (ii) |C| is as small as possible. Opt(G) denotes the size of a smallest vertex cover and if an
algorithm A always finds a vertex cover C such that |C|/Opt(G) < r, we say that A achieves an
approzimation factor of r. We usually require that A runs in polynomial time.

Our notations are standard: the number of vertices (= |V|), the average degree (= 2|E|/|V]),
and the maximum degree are denoted by n, d and A, respectively. N(v) denotes the set of the
neighbors of the vertex v and in this paper, N(v) does not include v itself. deg(v) denotes |N(v)|.
If we need to show the underlying graph G explicitly, we use the notations such as ng, dg, Ag,
N(v) and degg(v)

In [10], Karpinski and Zelikovsky found the following simple and elegant property about a
minimum vertex cover C: Suppose that we can take k vertices vy, vs,..., v such that deg(v;) > k&
for ali 1 < i < k. Then either (i) {v1,v2,...,v} C C, or (ii) N(»;) C C for some 1 < i <k, is
true. (Reason: For any v € V, either v € C or all vertices in N(v) are in C. Hence the negation
of (ii), i.e., N(v;) € C for all i, implies (i).) Therefore, if we consider the family of the k + 1
sets, {v1,v2,...,V}, N(v1), N(v2), ..., N(vg), then at least one of them, say W, is included in C.
Furthermore, suppose that k = Q(n). Then it turns out that we can yield an approximation factor
of strictly less than two, by taking W as a part of the vertex cover and then applying the standard
2-approximation algorithm [10] against the remaining graph. (Note that we do not know which W
is a part of C. So, we have to check all the k+ 1 possibilities and take a best result.) The question
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Algorithm DVC-Apx(t, ¢, G)
1. if i <t then
2. let HG) ={v e V(G) | deg(v) = r(G)}
3. pick up 2(logn)? vertices from H(G) uniformly at random and
let Ug be the selected vertices.

4. let Vg = {H(G)} U{N(v) | ve Ug}

5.  foreach V; in Vg, 1 < j < 2(logn)? + 1 do

6. select r; vertices from V; uniformly at random and let V} be the selected vertices.
7. Cj:= Vj’ UDVC-Apx(t,i+1,G — VJ’)

8. end

9. return min{Cy,Cy,...,Coogn)241}-

10. else if i =t then

11.  apply VCs to G and let C be the resulting vertex cover.
12. return C.

13. end

Figure 1: algorithm DVC-Apx

is how we can achieve such a large k. Fortunately, it is quite easy if the graph is dense: Sort the
vertices by their degrees and take uy,ug,...,u from the largest one until we have k > deg(ug).
Then a simple calculation guarantees that & = Q(n) if d = Q(n), thus [10] gives the algorithm

whose approximation factor is ;7%-7;.
-/ 1-d/n

Our new algorithm is an extension of this algorithm based on the following idea: (i) d/n in
the approximation factor can be replaced by d/A. (ii) If the original graph is dense, then the
remaining graph G’ after removing the vertex set W is still somewhat dense. Hence we can use
the same algorithm for G'. If we repeat this procedure ¢ times, then we can take more vertices
in C than before, but at the same time, our search space becomes larger, i.e., from O(k) = O(n)
previously to roughly O(n?). (iii) To reduce this search space, we introduce randomization. Instead
of considering the k +1 sets, {v1,v2,...,v¢}, N(v1), N(v2),...,N(vx), we consider only 2(logn)? +
1 sets, {v1,v2,..., U}, N(vil),N(v,-,),...,N(v,-z(bgn)g). Here, the last 2(logn)" sets are selected
uniformly at random from the original k sets. Intuitively speaking, if some v;, does not belong to
C, then we have N(v;,) C C and there is no problem. Otherwise, if all v;,, v, ... 3 iy 1og ny2 belong
to C, then it follows that almost all vertices in {v;, vo, ..., v} are in C with high probability, which
is again desirable for us. Note that the search space is reduced to O((log n)%).

3 New Approximation Algorithm

Before starting arguments, we define a function v(G) as:

16) = = 0-g2d
n—\/A@n-8)-dn (1-2< &)

This function represents how many vertices our algorithm can extracts from the given graph G.
Figure 1 shows our algorithm DVC-Apx(t,i,G). Our algorithm has a recursive structure and
its maximum level of the recursion is given by integer ¢ > 0. For a given graph G = (V, E), we first
call DVC-Apx(t,0,G). If t is set to 0, then the algorithm is equal to the standard 2-approximation
algorithms which is denoted by VCs. Otherwise it recursively calls DVC-Apx(t,1, G’) for some G'.
Before explaining DVC-Apx(t, i, G), we need to define the functions r(G), deg(%) and sequences
of numbers {n;},{d;} and {r;}. Recall that our key operation is to take high-degree vertices
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(denoted by uy,us,...,u; in the previous section). r(G) determines the minimum degree of those
vertices and is defined as follows:

r(G) =ng (1- 1-3_2).

In our algothrm, we repeat removing vertices which are included in a minimum vertex cover and,
in doing so, we have to estimate the decrease of the sum of the degrees. For that purpose we define
deg(i) as

deg(i) = min{A,n —i}.

This represents the upper bound of the degree of ith removed vertex since, all vertices have degree
at most A and ith removed vertex has degree at most the number of remaining vertices minus 1,
which is n — 1.

ni, d; and r; denote the numbers of vertices, a lower bound of the average degree, a lower bound
of 7(G) of a graph G and the sum of the number of removed vertices at the recursion level i. They
are defined as follows:

N+l = N — 84,
_ dn-2%3 deg(h
d‘H—l = ’
MNi+1
d;
Ti+1 = _——#‘z——,
— G4
14/1- &2
k=1
f9i+1 = Zrk,
i+1

where ny = ng, di = dg, r1 = r(G) and s; = r; for the original graph G. Before proceeding, we
show basic properies of these sequences.

> %ﬂ hold for each i.

Lemma 1. n; > d; and r;

Proof. Consider removing k vertices from a graph G and let G’ be the resulting graph. Then the
decrease of the sum of the degrees, i.e., dgng —dg/ne is at most E;;l deg(j). Since G’ has n—k
vertices, the sum of the degrees of G’ is at most (n — k)2. Therefore, the sum of the degrees of G
is upper-bounded by E;f:l deg(j) + (n — k)2, which means

k
dn< Zdeg(j) + (n - k)%
=1

And this leads to

n—-k< -

Setting k = s;, we can prove n; > di.

Next we show that r; > %1 for each 7. This can be shown easily by the definition of r; and
n; > di. '
' O

One can see that the algorithm follows the basic idea given in the previous section almost
exactly. H(G) is the set of “high-degree” vertices. Vg is the family of 2(logn)? + 1 vertex sets. In



the previous overview of the algorithm, we consider the whole vertex set V in Vg as a candidate
to be a part of C, remove it from G and go to the next level. Actually we select r; vertices from
V uniformly at random and remove only those r; ones from G. This is just for simpler analysis, in
other words, it is enough for achieving our approximation factor to remove this number of vertices.
One can easily see that each C; in line 7 is a vertex cover of G at that level. If the level is ,
then we directly obtain a vertex cover of G by using VC». Since each computation path splits into
(2(log n)? + 1) paths at each level, we have (2(log n)? + 1)* computation paths in total. Apparently
DVC-Apx(t,0,G) gives a correct vertex cover of the original graph G. In the next section, we
analyze its size.

4 Analysis of Approximation Factor

In this section we evaluate the approximation factor of DVC-Apx described in the previous section.
Actually, we prove the following theorem.

Theorem 1. Given a graph G, whose average degree is d = dg and the mazimum degree is A = Ag,
DVC-Apz yields an approzimate solution for G whose approzimation factor is at most

2
1+{1-(1-£)'h(G)

in time O ((log n)”) .

Especially, since (1 — %)"’ < 1/e, by setting t = O(n/A), the approximation factor obtained by
DVC-Apx can be arbitrarily close to W%Vﬁ The correctness of the computation time is obvious
from the recursion structure given in the previous section, which is O((log n)°*/2)) under the same
setting. Thus we have the following corollary.

Corollary 1. Suppose that A Q(nl—"ﬁfﬁ— Then our algorithm runs in polynomzal time and its
approzimation factor is W

In the following we focus on the analysis of the approximation factor, for which we need several
lemmas.

Lemma 2. Let G = (V,E), C C V be one of the minimum vertez cover of G and W be a set of
vertices s.t. |W|=ni+ng, [WNC|>ny and |W —C| < na. Then we can construct a vertez cover

. . . 2
whose approzimation factor is at most oo i

This lemma is a generalization of Lemma 4.1 in [10]. In [10], the case that ny = 0 (W C C) was
- considered and the Lemma 2 can be proved similarly. Hence we omit the proof here. By using this
lemma, we can concentrate only on finding a set of vertices which has a large fraction of vertices
in C.

Consider the recursion tree generated by the execution of DVC-Apx on G. For a path P from
the root to a leaf in this tree, let GI be the input graph at the ith level (see Figure 2). We
denote by WF the set of removed vertices at level i on P and let Wp = |Ji_; W7. Note that

1 WF| =Yt ri and GE; = GF — WP holds for each i. In the rest of the paper, when we
say a “node” in the tree, it often means the input graph in that node. Note that the root of tree
is G = G. We often omit the superscript P from these notations when the underlymg path P is
clear from the context.

Lemma 3. For any path P and any level i we have ng, = ni,dg, > d; and r(G;) > r;.
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G =GP

Figure 2: a recursion tree

Proof. By induction on i. For i = 1, these equalities hold by the definitions. For i > 2, since
Giy1 = Gi — W;, we have ng,,, = n(G;) — ri = n; — r; = njy1. Hence ng,, = ny;,. Since the

.5 = 84
average degree of Gi41 is at least dgne iGE‘deeg (k)

, we have

- dong — 235 deg(k)
. > =
dGl+1 -— ni+1

= dit1.

Therefore, dg,,, > di41 holds. For {r;}, using ng,,, = ni+1 and dg,,; > dit1, we have

dG¢+1

rGiu1) = ———=——
‘1+,/1—;,§f+%

dG‘H-I

i

144/1-m

Ni41
dit1

_ i1
14+4/1 ey

= Ti+1
which proves the lemma. a

Lemma 4. Let P be any path from the root to a leaf in the recursion tree and Gy,Gs,...,Gi-1 be
the nodes along P. For every G;, with probability at least 1 — ;lg , the family Vg, contains at least
one set V; s.t. [V;NC| 2> (1-1/logn)|V|.

Proof. If |H(G;)NC| = (1—1/log n)|H(G;)|, then the claim holds with probability 1 since H(G;) €
Ve, and H(G;) satisfies the conditions. Otherwise, i.e., if |H(G;)NC| < (1~1/logn)|H(G;)|, then
the set Ug, of randomly chosen vertices contains a vertex v s.t. v ¢ C with high probability. Indeed,
when |H(G;)| > 2(log n)?, the probability that Ug, contains such a vertex is:

Pr3veUg -C] 2 1- H Prlv¢Ug, —C] =2 1-(1- 1/ log n)2(ogn)?

veUg,

2logn
()
e n

If |H(G:)| < 2(logn)?, this probability is 1 since Ug, = H(G;) and |H(G;)—C| > |H(G;)|/ logn > 0.
For such a vertex v ¢ C, Ng,(v) C C, which means [Ng, (v) N| = |[Ng,(v)| > (1-1/logn)|Ng,(v)|.
Thus the claim holds. a

v



Lemma 5. For any computation path P of height t, the sum of the degree of the removed vertices,
ie., S5 deg(k), is at least (1 — (1 — £)t)dn.

deg(k)

n

Figure 3: deg(k)

Proof. Let a; =dn—-23% et deg(k), which intuitively represents the lower bound of the number of
remaining edges. We first prove that a; decreases exponentially. To do so, we show the following
inequality.
e (1)
a; n’
Supposing this inequality holds, we can show that a; < (1 — ﬁ%)"ao =(1- 5%)% and the lemma
will be proved. Hence from here we will prove equation (1).

First, a; — aiy1 = 23,2 | deg(k) can be lower-bounded by
deg(s;) + deg(s;
ris1 g(s1) 5 g( l+1)‘ ()

This can be seen in Figure 4 because E;’;';' +1 deg(k) equals to the gray area and expression (2)
equals to the underlying trapezium.

case 1 case 2 case 3

Figure 4: gray area represents Ek'i':‘ﬂ deg(k)
case 1. The case s8; < 8;41 < n— A, it follows that deg(s;) = deg(8i+1) = A. Therefore,
ey A+A

Y degk) 2 mia 5
k=8s+1
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v
!
I

Here we used Lemma 1 and the definition of d;.
case 2. The case ;41 > n — A > s;, deg(s;) = A and deg(siy1) = n — 8;+1. Therefore,

8441
A+n-—s;
Z deg(k) 2 7‘:‘+1———-2—’+1
k=8;+1
> a; A+n—sit
T2 2nipy
> ga;( A +n-8:'-f‘i+1)
2 \2n;1 24
> _¢_h_'( A +ni+1~7‘i+1)
2 \2n;1q 2ni41
> % 8
2 2n44
a; A
> 2,
- 22

Here we used n;4+1 =n — 8; and n4y1 2> 7i4a. :
case 3. Finally, the case s;4; > s; > n — A, deg(s;) = n — s; and deg(8i+1) = n — 8i4+1. Thus

8441
n—8i+1+n—8;

Y degk) 2 rin 5
k=s;+1

S %2n— sy — i

-2 M4

_ 6i2(n—si) = sip1 + s
2 21441

_ &, T
2 21441

> %

- 4

Here we used r; < n;.
Thus in any case a;—as41 = Y ps 1 deg(k) > % -4 holds since £ = min {2, £, } Therefore
it follows that a;1 < (1 — ¢)a; and we have shown that a; decreases exponentially. O

Using this lemma, we next show that s; converges to (@) and the difference v(G) — s; also
decreases exponentially.

Lemma 6. For any computation path P of height t, the sum of the number of removed vertices,
i.e., |Wp|=3k_1 Tk, i5 at least (1~ (1 - %)‘)'y(G), where ¢ = min{%, %}



Proof. In Lemma 5, we have shown that 23* | deg(k) converges to dn exponentially. This implies
that s; converges to the value of the solutlon of the following equation:

2 i deg(k) = dn. 3)

k=1

So let ué first solve this equation. To solve this, we have to consider two cases. One case is the
case 1 — & > & in which deg(k) = A holds for all k. This can be shown as follows. Let zo
be the solution of the above equation and suppose that deg(k) = n — k holds for some k < zo.

Then it follows that x > n — A > gﬁ and dn = 2%, deg(k) > 22,?‘:_1 deg(k) = dn. This is a
contradiction and deg(k) = A holds for all k.

The other case is 1 — £ w < EZ’ in which for some k it holds that deg(k) = n — k. This can be
shown similarly. _

In the first case, ie. 1 — -ﬁ- > -2%,

z
2 Z deg(k) = 2zA
k=1
holds and we obtain z = g—z by solving (3). In the second case, 1 — % < -2%, we have

A+ (n—2))(z—(n-2))
5 :

2i deg(k) = 2A(n — A) +2
k=1

This can be seen by the gray area of Figure 5. Solving (3) by using the above equality, we have
r=n-— \/ A(2n — A) — dn. After all, we have shown that s; converges to v(G).

deg(k) |

n

Figure 5: the gray area represents > .., deg(k)
Next we will show that the rate of convergence is also (1 - ) To show this, we prove here
that the following inequality holds for each i.
deg(k) > -2 | | 4
;_1 ) 2 sz @

Supposing this inequality, we have s; > (1 — (1 — ¢)*)7(G) and the lemma will be proved.
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This can be easily shown by seeing Figure 6 since the upper curve represents Y ;¢ , deg(k) and
the lower line represents %si. For0<z<n-A,Y 7. deg(k) =Az> %m holds by definition
of ¥(G) For z > n—A, Y i_deglk) = A(n - A)+ (A + (n— 2))(z — (n — A))/2 and let f(z)
be the right hand side of the equation. Since f(z) is convex upward and f(z) > %x holds for

z =n— A,v(G), we have f(z) > ;%a: for all n — A < z < ¥(G). Hence equation (4) holds and
the lemma proved.

n—A v(G)

Figure 6:

Lemma 7. For every V; € Vg,, |V;| 2 1.

'Proof. Recall that H(G) = {v | d(v) > r(G)}. For each v € Ug,, therefore, we have d(v) > r(G;)

and [Ng,(v)| = r(G;). By lemma 3, r(G;) > r; holds, which also means |[Ng,(v)| > r;. To prove
|H(G;)| 2 r(G;), suppose for contradiction that |H(G;)| < r(G;). This means only |H(G;)| vertices
have a degree at most ng,; and ng, — |H(G;)| vertices have a degree less than »(G). Now the total
sum of the degree of vertices in G; is bounded by

Y daw) < [H(Ging, + (ng, — [H(GHN(GY)
veV(G;)
ng,r(Gi) + (ng, — r(Gi))|H(Gs)]
ngr(Gi) + (ng, — r(Gi))r(Gi)
= (2ng, —r(G))r(Gy).

A

Here the second inequality holds since r(G;) < dg, < ng,. Since dg,ng, = Toev (g, day(v), it

+ follows that dg,ng, < (2ng, —r(G:))r(G;). Solving this inequality we obtain 7(G) < —716!-—
1

= ’
+4/1-dg, /ng,

which contradicts the definition of r(G). |

By this lemma we can always select r; vertices in the 7th line of the algorithm. Hence |Wp| =
Z:=1 r; for any path P.

Lemma 8. Let C be one of the minimum vertez covers of G. Then, with high probability, there is
a path P s.t. [Wp.NC| is at least (1 —o(1)) 3%, .



Proof. We call a path P a good path if, at every node G¥, ng has a set V; s.t. at least 1 — Eé—ﬁ

fraction of V; is in C. Recall that for some set V] C Vj of randomly chosen vertices s.t. |Vj| =y,
G‘H—l = GP VI holds.

We can observe that, by Lemma 7, the probability that a recursion tree has at least one good
path of height ¢ is at least (1 — ) and t is obviously at most n since |G;| > |Gi+1| holds for any
i. Thus this probability is at least (1 — —g)" Note that since (1 — —l-)‘lc > 1/2e for sufficiently large
z, the probability is greater than (1 /2e)1/ " which is almost equal to 1 for sufficiently large n.

Next let P be a good path on the tree generated by the algorithm and we consider the probability
that [Wp NC| > (1 1/logn) ¥ty ri. Let Wp = {v1,vs,..., 0w} be the set of all the removed
vertices along path P and X; be the random variable s.t. X; =1 if v; € C and X; = 0 otherwise.
Then X = El,l X is a random variable that represents [Wp N C|. The expectation p of X is

Wl Wal L\
=E [}: X,} =) E[Xi]> (1 -~ Tg—n) > .
=1

i=1 i=1

This is because each vertices in W is randomly chosen from some Vj which has at least 1—1/logn
fraction of vertices in C. Next we estimate the probability that X deviates from its expectation.
Since X1, X3, ..., X|wp| can be seen as independent Poisson trials, we can use Chernoff Bound to

imply that
_ _(1—1/logn)d _ Fi
PriX<(1-1/logn)u] <e ToEn? < e T O((losn)’)_

Here, the second inequality follows from p > (1 — m) =i 2 (- gpin 2
Lemma 6. Hence the probability we are considering is at least:

(-3)"(-ree)

Since we are now considering (almost) dense graphs, this probability is almost equal to 1 for
sufficiently large n. Thus the lemma follows. O

Putting these lemmas all together, we can now prove the theorem. By Lemma 8, with high
probability, there is a path P s.t. [Wp N C| > (1 — 0(1))|Wp|, which means |Wp — C| < o(1)|Wp|.
Then by Lemma, 2 the approximation factor of DVC-Apx is at most

2 _ 2
1—o(1))[Wp|=o(D)]Wp] ~ 1-0(1))|We|
14 {d=e))] le o(1)|Wp| 1+£J_}2J__};1

Next, by Lemma 6, [Wp| is at least (1 — (1 — £)*)7(G). Therefore we have
2 < 2
1+ G=oiWel =14 (1 —o(1){1 - (1~ 1~ £)}(G)’

That completes the proof of Theorem 1.

5 Concluding remarks

There are a few remarks we could not mention so far: (i) Although we have mainly discussed the
case that A = Q(ni’%]ggﬁﬁ), the algorithm works for smaller A if we allow super-polynomial running
time. Especially, if A = w(loglogn), then the algorithm achieves the same approximation factor
(i.e., strictly less than two if d/A is constant) in time 2°(). (ii) The approximation factor is strictly

less than two only if d/A is constant. This condition can be slightly relaxed as follows: Namely,
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suppose that we can obtain a graph G’ such that dg'/Ag is constant by removing o(n) vertices
from the original graph G. Then we can apply our algorithm to G’ and can obtain an answer (a
vertex cover) for the original G' by adding the o(n) removed vertices to the answer for G’'. One can
see easily that this still gives us a factor of less than two.
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