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F4E 3 H b3 TIAH 7 722 —DBHRELTWBE T Ed b, Covid-19 I X 2FF =
v 205 WTL BB 82 MIT L T2 e E 2 b, Z ORE L RAEH O EHRBIR
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2 FREICIITHE DB T W ARTOH 2D ¢, 4HEit 2020 44 A 17 Hoffitk & R U 18.27
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RO EH O HHMRAED 5 &) ez 1%FEKECTERL TV Z E2HL
ey FHCHHR L7277 — & B dfEHENICEE T oRRER L ZF 2B
EPHERTEARZLE 2D, ZNICK VKR ICEB T 5y I i HWH#EICBEIL T—
OB QA I N LR TE 2, ff > TARIM Y v 70 HRZENR % v
IGARCH £5 1 & EGARCH 57V IC X B3HEEZTT I,

1— WTISRMHIGIC B F 3 iR & HIRZRILER O BER

WTI daily markets variations
(Sample period: November 2, 2019 - October 30, 2020)
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£1. VVIAVARUFY YT B OSHEMEL ADF BREDHEERE

Distributional Mean Std. Skewness  Kurtosis Jarque ADF test
Properties Dev. Bere
WTI returns

) -0.014 0213  -11.981  165.720 294188.5%**  .1].9]8**x*
(Fv 7 A)

WTI returns

. 0.001 0.065 -0.248 19.523 2960.332%%*  _17.154%*%*
(v 71 B)

Notes: The sample period of daily observation runs from November 2, 2019 to October
30, 2020. Significance at 1 % level is denoted by *** under the MacKinnon (1996)’s one-
sided probability values. The stationarity of time series is estimated with the Augmented
Dickey-Fuller methodology. Jarque-Bera statistics for normally tests are distributed as

x2on the null.
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5% Tl 4 IGARCH £ 751 & EGARCH £ 70 X 3HEERRICO VTR, 2D
BENENDOETAZHCCTEHE L 7-2EMAME R T 7 4 ) 7 4 23 WTL Wi o &2 &t
LTCEDXS BRI E RET W00 % R TnL,

5-1. IGARCH &7 VKU EGARCH 75 vic X 2 #ERRE

2009 11 H1 H25 2020410 H30 HETof) 1 £ I 29 v 7Lv A B LN
v INBozrnFng, IGARCH 71 % 721 EGARCH &7 4% W CTHERE L 7= 4
WCOWTELDZLDNRR2TH D,

£2. IGARCH = VR UTEGARCH = Fvic k 2 #EERS R

Model parameters T A + v 7B
IGARCH &5 v
0.8839%** 0.8537***
BicarcH
(0.000) (0.000)
EGARCH E®F
1.8426%** 0.0432
XEGARCH
(0.000) (0.120)
0.4123%** 0.9913%**
Becarch
(0.000) (0.000)
-1.0346%** -0.2256%**
YEGARCH
(0.000) (0.000)

Notes: The estimated IGARCH and EGARCH model is represented by equation: of = w +

2 2 2\ 2 €t—1 Et—1
BicarcrOi—1 + Qigarcuéi-1 and 1og(of) = w + Brgarcu 108(07-1) + Apgarch |_v‘t—1| + YEGARCH o

The sample period of daily observation runs from November 1, 2019 to October 30, 2020. Significance

at 1% level is denoted by ***. Figures in round brackets represent probability values.

FTIGARCH €7 A0 AT L & Bioarey PHIZEB LD F v T itBWTH 1%
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Mt PMICAEBR TH oz b, T TOY a vy 783 o722 LI 25, 2020 4 4
H 20 Ho~ A F Al OEMIC X 25085572 L 135 27, IGARCH £57IC X 2 HEE
TRATHTHo7ZLEZDLILDBTE 5,

KiC EGARCH =7 VI X 2 HEERRE R T e, V7L AILB0nTaTOREK
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— F &R apoancn?’ 1.8426 TH Y . EOBNEE T T Ypearcu3-1.0346 TH 5722 £ 826,
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IGDE DD B 25T 5,
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2 — IGARCH =7 VKU EGARCH ®T7FA»bHEH I N
FHENERT T4V T 4 DHER

EGARCH model (Sample A) IGARCH model (Sample 4)
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Conditional Volatility
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EGARCH model (Sample B) IGARCH model (Sample B)

Conditional Volatility
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6. T

RSO HIZ, WTIL e iigic s v 2020 £ 4 [ 20 Ho~ 4 F 2 {lifg A & D X 5
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BRDZ e TE, 72, v A FRMMiMEDBH 29 v T~ 4 F 2R RS Tl
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fFERTTF4 V74 »o8MITE, EGARCH €5V TlRENDBEETH - 7=, WM
IGARCH EFMIC X 34 v 7 A CToOHEERRICEIZR 5T, EGARCH €743 D
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ANz, INLOREREFRT 258, SO X5 HBFE L v~ A F A il D IR 5 #EE
WX EGARCH ET A ZH WA ERFTE L WEEZ DL ENTE S,

KL HHEE L 72 EGARCH £ 7 VM X 25 MM ER 774 D T4 0l 2 L.+
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B EZHAGDE ARV - AZT A EZHEI LW EFEZLTE, 72, WTL Y
TG OEIMICH T 2 MICDRBE L WHBAL LA 7 a vlilgae b L ICEB LA v 75
AF - RI774 V74 TH2 OV LDOHKICOWTHIMET LIz EEZTWD,

A

R ER T 2105720 THRE W72 72 72 FIHILK % D Nabil Maghrebi 5642 12 G H# L
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TwET,
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